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F 3 : Construction of an emotion-rich speech synthesis model
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In recent years, research on speech foundation models has advanced rapidly. Speech contains (1)
linguistic information that can be transcribed into text, (2) paralinguistic information, such as emotion
and acting style, which speakers can intentionally vary, and (3) non-linguistic information related to
speaker attributes, such as age and gender. Among these, paralinguistic information is particularly
important for conveying emotion and intention, but it has been difficult to define consistently and
annotate systematically, making it challenging to handle in deep learning. This study develops a speech
model that can effectively represent paralinguistic information and establishes core technologies for
expressive dialogue systems and dubbing generation.
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