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L3 : Research to establish a methodology for extracting outcomes for evaluating the efficacy and safety of pharmaceuticals

and other products using Large Language Models (LLM)
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This project investigated a methodology for extracting clinically meaningful outcomes from unstructured
electronic health record text using large language models. Using TSUBAME GPU resources, we prepared and
evaluated medical-domain LLMs based on Swallow, Qwen, and GPT-0SS, including continued pretraining,
supervised fine-tuning, inference pipelines, and benchmark evaluation. We also developed a natural-language-
to-SQL workflow for clinical databases and demonstrated registration of approximately 7,000 to 8,000 cases,
SQL generation and execution, and visualization of drug-by-outcome patterns. The results clarified both the
potential of LLM-assisted outcome extraction and remaining issues in data mixture, evaluation, and clinical
validation.
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