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To accelerate the process of boulder detection that is crucial for both science and exploration mission
purposes, machine learning models such as Mask R-CNN have been applied in recent studies. In this
work, we aim to improve the detection of small objects by replacing the backbone of Mask R-CNN with
a Transformer-based module from conventional CNN module. We confirmed that our approach shows
better capability of detecting smaller features. This indicates high possibility of Transformer module
for improving data analysis in asteroid exploration missions.
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Dataset Half Half Quarter Quarter
Reacall  28.98 59.55 68.86 72.09
IoU 46.91 68.48 85.44 83.23
OA 76.02 84.32 79.22 79.35
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