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In recent years, the number of machines equipped with GPUs has been increasing at HPCI's
resource-providing institutions, and Al-based work and research have been actively conducted. We
benchmarked PyTorch and Tensorflow using the TSUBAMEA4.0 supercomputer equipped with the
latest GPU (NVIDIA's H100) and the Fugaku pre-post node. Depending on the data size, we
confirmed that the performance ratio of the GPU (V100) on the Fugaku pre-post node and the GPU
(H100) on TSUBAME4.0 was about 3 times higher for PyTorch (YOLOv5) and about 10 times higher

for matrix products (fp32) (more than 50 times higher than CPU ratio).
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